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IIl. CORRELATION MATRIX AND PCA IV - DISCRIMINANT ANALYSIS AND CLUSTERING

Correlation Matrix for Top 10 Most Produced Items

Positive correlations are observed between X1 and X2 (0.35), X1 and X3 (0.31) X8_9_10 Cluster Sizes: Cluster 1 and Cluster 2 have fewer countries but display distinct
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/ VI- CONCLUSION \

Through an examination of yield instability in the top 10 most produced agricultural items from 1996 to 2018, the study effectively delineates the diverse agricultural systems prevalent in various countries. The data preparation demonstrates a robust approach, encompassing the
aggregation of production volumes, the introduction of new variables, and meticulous selection criteria for both countries and variables. Principal Component Analysis (PCA) has been instrumental in uncovering significant dimensions of variance within the study, particularly
highlighting Dim.1 and Dim.2 as pivotal in elucidating a substantial portion of the observed variability. This methodological approach has allowed for the identification of noteworthy contributions from specific countries and variables, thereby accentuating distinct patterns in
agricultural production. Furthermore, the Cluster Analysis conducted in this study has yielded valuable discernment, revealing three distinct clusters of countries based on their agricultural production patterns. Through meticulous examination of cluster sizes, explained variance,
and within-cluster sum of squares, the research has unveiled nuanced similarities and differences among these clusters.

In summary, this study provides a comprehensive understanding of agricultural systems across different countries, offering valuable implications for policy-making, resource allocation, and future research in the field of agriculture and food security. To go further in the analysis, it is
possible to change the approach of a given umpteenth production of a country, but to work with group like we do for the two last variables. For example, we could make 6 groups of 4 items within the 24 most produced items of each country. It will enable us to include more countries

given item of the country to weight better instability values.

/

\by reporting each instance of instability when data for a particular item's yield is absent in the other items within the group. We can also add, to takes into account the different types of distributions between crops in the countries, the importance in % of tones (or % turnover) of the/
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